Development of English translations for use in a visualization
system of classical Japanese poetic vocabulary
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mappings from line- and chunk-based translations. https://github.com/borh/hachidaishu-translation ¥

@ Pilot Experiment

Translations were produced using ChatGPT-4, Copilot, Copilot with human
assistance, and human translations. Findings:

ChatGPT-4 offered natural and easy-to-understand translations but
sometimes diverged too far from the source content.

Copilot was more accurate but produced less natural translations. With human
refinement, it balanced accuracy and fluency.

Human translations provided the best literary nuance but were costly and
time-consuming.

@ Introduction and Motivation

Working on visualizing lexical relationships in graphs showing
Japanese terms and their corresponding English translations.

During the manual development of an English token dictionary, we
noticed that GitHub Copilot provided useful completion tokens but
sometimes introduced innaccuracies. However, a human-in-the-loop
approach was found to be highly effective in our pilot experiment.
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